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“The world’s most valuable resource is no longer oil, but data.”
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Software as a Medical Device (SaMD)

Subscribe to Email Updates f Share in Linkedin | % Email & Print

As technology continues to advance all facets of health care, software has become
Software as a

Medical Device an important part of all products, integrated widely into digital platforms that

(SaMD) serve both medical and non-medical purposes. Software, which on its own is a
medical device — Software as a Medical Device — is one of three types of software
Your Clinical related to medical devices. The other two types of software related to medical

Decision Support devices include software that is integral to a medical device (Software in a medical

Software: Is It a

e o device) and software used in the manufacture or maintenance of a medical device.
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Neural Networks
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Deep Learning
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Convolution + RelU + Max PoolingT T Fully Connected Layer T

Feature Extraction in multiple hidden layers Classification in the output layer
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Plot of specificity and Sensitivity versus threshold
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Figure 1. Specificity and sensitivity of neural networks as threshold of classification changes. Each sensitivity, specificity and
accuracy are a mean of 5 runs. In each run, the test and train portion of data, differs from other runs




Roc of Neural Network Output of Test Data, AUC=0.9366
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Figure 2. ROC of neural networks output of test data

Histogram of Neural Network Output of Test Data
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Figure 3. Histogram of the neural networks output for test

data




SVM
Support Vector Machine
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Loss per epochs
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A functional relationship (Highly

Knowledge and Information Systems
https://doi.org/10.1007/s10115-025-02436-z

RESEARCH

Numerical dependency analysis (NDA): a new method
for estimating the statistical dependence (not correlation)
of two variables
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1g.2 A non-functional relationship, e.g., for X = 0.2, there are two values of Y (A and B)




successive triangles of (X, Sin(X))

Successive Triangles

Fig. 9 Successive triangles of sin(X) and a magnified section show successive triangles. This figure shows 2
small Area of Successive Triangles (AST) for a functional relationship

Successive triangles of sin"(X)
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Fig. 10 Successive triangles of sin(Y). This figure shows a large AST for a non-functional relationship
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